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Campaign Klout: Measuring Online Influence
During the 2012 Election

Leticia Bode
Ben Epstein

ABSTRACT. This study seeks to understand the efficacy of online political campaign communication.
We do this by measuring the changes in online influence of political candidates by utilizing Klout, a
new, publicly available measure incorporating a variety of behaviors online. We collected daily Klout
data of nearly all major congressional and presidential campaigns during the 2012 election cycle and
compare them to other traditional measures of online influence and campaign success. We conclude
that Klout offers valuable advantages as a sophisticated research tool for evaluating real-time online
influence of political campaigns, but caution researchers about some limitations in its use.

KEYWORDS. Campaigns, elections, Klout, measurement, online influence, political
communication, social media

Political communication is, above all else,
an effort by political elites to connect with and
inform the public in order to motivate political
activity. In other words, political communica-
tion aims to influence people in order to gain
support or mobilize political activity. For cam-
paigns, communication influence is generally
measured in retrospect by counting votes on
Election Day. However, campaigns, and those
who follow them closely, constantly strive to
evaluate how effective their communication is
in real time in order to maximize influence
given limited resources. In the current era of
online political communication, successful mes-
saging is not merely broadcast to the masses;
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it is rebroadcast, forwarded, and personalized
by Internet users and political supporters via
social networking sites, Twitter, and blogs. It is
clear that although the online communication
of campaigns has become increasingly sophis-
ticated, constantly aiming to increase influence
(Axelrod, 2013; Bimber, 2014; Issenberg, 2012;
Kreiss, 2012; Madden, 2013; Strommer-Galley,
2014), the methods used to evaluate it have been
limited to basic methods, until recently.

Companies are now developing more sophis-
ticated ways of measuring online influence.
Most notable among these is the Klout score,
which incorporates dozens of online inputs to
determine the reach of any given user. This study
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examines the usefulness of the Klout score in
evaluating the online influence of various cam-
paigns during the 2012 election. In doing so we
seek to answer the following research question:
to what extent is Klout a useful tool for mea-
suring and comparing the online influence of
political campaigns?

With the goal of answering this question, we
first evaluate existing scholarship on influence
in campaigns generally and online influence in
particular. Next, we elaborate on Klout, why it
was selected, and why it may serve as a useful
tool to measure campaign communication and
influence. In the next section we use Klout data
collected daily over a 13-month period to ana-
lyze House, Senate, and presidential campaigns
leading up to and following the 2012 election.
Highlights of this analysis include a compar-
ison with more traditional measures of cam-
paign success (such as public opinion polls) and
with other measures of online reach (includ-
ing Facebook likes and Twitter followers), along
with some unique insights into online influence
during the 2012 election cycle. Finally, we offer
some conclusions and suggestions for future
research.

SCHOLARSHIP ABOUT THE
INFLUENCE OF AND USE OF SOCIAL

MEDIA BY CAMPAIGNS

At the heart of this study is the intention to
understand the efficacy of political campaign
communication. Political campaigning literature
has, at its core, always sought to answer two
simple questions: do campaigns matter, and if
so, how do they? The determination to study
influence of a specific type—in this case, of
online strategy and implementation—is sim-
ply an extension of this classic question. Thus
we draw on theory-grounded understandings of
campaign communication and influence in order
to motivate our expectations of Klout scores as
a potentially useful political metric.

Although messaging and communication
have played central roles in campaigning
throughout American political history,
researchers have questioned the effective-
ness of campaign influence for decades. The

effects of media and messaging by campaigns
were generally thought to be small after the
widely supported book The Effects of Mass
Communication concluded that media effects
on public opinion were minimal (Klapper,
1966). However, a seminal study published
by McCombs and Shaw a dozen years later
showed that the media does have substantial
influence over the public in terms of agenda
setting (McCombs & Shaw, 1972). This rein-
vigorated research on how campaigns try to
use media to generate influence (McCombs
& Shaw, 1991). Although there are a variety
of findings about the degree to which media
use by campaigns affects voters, studies over
the past 15 years offer substantial evidence
suggesting that campaigns do play a major role
in shifting public opinion and voter choice,
generally termed “campaign effects” (Grabe &
Bucy, 2011; Iyengar & Simon, 2000; Johnston
& Brady, 2006). Much research has specifically
highlighted the most effective strategies in
presidential campaign communication (Grabe
& Bucy, 2011; Jamieson, 1996; Owen, 1991;
Polsby, Wildavsky, Schier, & Hopkins, 2012).
Moreover, campaigns for federal office (and
especially presidential campaigns) are by far
the most covered, the most watched, and the
most expensive campaigns in U.S. politics,
making them particularly important (although,
of course, not the only relevant campaigns) to
examine when considering campaign influence
(Gulati, Just, & Crigler, 2004).

The task of measuring online influence is dif-
ficult, in part, because it is a concept that is
only starting to gain attention among researchers
and lacks a consistent definition. Influence,
broadly speaking, has long been studied in
the fields of sociology, communications and
media, (Katz & Lazarsfeld, 1955), diffusion
of innovations (Rogers, 2003), communica-
tions (Weimann, 1994), and marketing (Chan
& Misra, 1990; Myers & Robertson, 1972).
However, online influence is a much more recent
and less well-established subject of scholar-
ship. Several studies have recently helped to
shape our understanding of online influence by
exploring various ways online social networks
influence users. Different types of influence
occur on particular social networking sites (Cha,
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Bode and Epstein 135

Haddidi, Benevenuto, & Gummadi, 2010), and
researchers have focused on individual influ-
encers in these areas (Agarwal, Liu, Tang, &
Yu, 2008; Goyal, Bonchi, & Lakshmanan, 2010;
Weng, Lim, Jiang, & He, 2010). Yet few stud-
ies synthesize a holistic conception of online
influence, extending across time and across mul-
tiple platforms. Micah Baldwin, a tech devel-
oper and social media expert, offered an early
effort to clarify the concept of online influ-
ence by parsing it into three components: (a) an
individual’s personal brand (the aggregated rep-
resentation of their online activity), along with
(b) expertise and (c) the trust that others have
in your information (Baldwin, 2009). In other
words, those who have greater influence online
fill a role within digital social networks sim-
ilar to those opinion leaders or “influentials”
described by the traditional studies of influ-
ence cited earlier. Baldwin argues that people or
organizations “who are truly influential become
conduits for human based filtering and content
discovery within their communities, as mem-
bers of the community look to the person of
influence to connect them to people and content
they should trust, and fuel positive community
growth” (Baldwin, 2009). This conception of
online influence naturally lines up with the polit-
ical communication goals of campaigns that try
to disseminate content, develop their own per-
sonal brand, and motivate a strong sense of
community and political action, namely, voting.
Ultimately, online influence can be defined as
an individual or organization having an effect
on the actions, behavior, or opinions of others
through the strategic use of interactive Web-
based communication tools or social media.

Although the existing literature generally
supports the belief that the media use and com-
munication strategies of campaigns do affect
voters, the means to measure this influence
have remained largely ephemeral. However, the
data now available provide the opportunity to
measure the changes in communication tactics,
including the increasing use of social media by
campaigns (Carpenter, 2010; Conway, Kenski,
& Wang, 2013; Golbeck, Grimes, & Rogers
2010; Vaccari, 2014; Williams & Gulati, 2012).
Research on the evolution of online campaign-
ing has been difficult because of the constant

innovation of the technology and the localized
nature of campaigns (Gibson, Williamson, &
Römmele, 2014). However, Williams and Gulati
have conducted several notable studies that have
analyzed dramatic changes occurring over the
past few election cycles (Williams & Gulati,
2007, 2009a, 2009b, 2010a, 2010b). In 2010,
they evaluated how 836 congressional cam-
paigns used Facebook, Twitter, and YouTube,
and noted both a high adoption rate and very
fast diffusion rate over just a few election cycles.
Facebook was launched in early 2004, with
YouTube beginning a year later and Twitter
emerging in mid-2006. Facebook was first avail-
able to candidates during the 2006 campaign,
and only 16% of Democrats and Republicans
running for the House adopted a Facebook pro-
file that year. By 2008 that number had spiked
to 72%, and increased again to 82% in 2010
(Williams & Gulati, 2011). The 2010 midterm
election marked only the second election in
which YouTube was available to congressional
candidates, with use again jumping from 28% in
2008 to 72% in 2010. Twitter is the youngest
of the three sites, and although 2010 was the
first election cycle in which it was available,
nearly three-fourths (74%) of all House candi-
dates adopted a Twitter account, even more than
YouTube, although it had been available dur-
ing previous election cycles (Williams & Gulati,
2011).

As expected, Senate campaigns, which are
larger and better funded, innovated at a faster
rate and used each of the social networking plat-
forms to a higher degree than those running for
the House. A striking 98% of Senate candidates
had a Facebook account, 90% had a YouTube
channel, and 94% opened a Twitter account in
the first election where it was available (Epstein,
2011). Moreover, we know that candidates are
integrating social media use into their cam-
paign strategies in new and innovative ways, not
always aligning with more traditional campaign
tools such as television advertisements (Bimber,
2014; Bode et al., 2011). The 2012 presidential
candidates all utilized social networking exten-
sively in their Web presence, as reflected in the
frequent media coverage of social media use
in the 2012 election cycle, deeming 2012 the
definitive “social media election” (see Jacobs,
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2012; Towns, 2012; Yaverbaum, 2012 for just
a few examples). Social networking tools have
already become standard fare for campaigns and
will likely be used by all serious candidates run-
ning in future elections. Today, campaigns have
made the use of social networking the norm in
their communications strategy.

Regardless of the increasingly social online
presence of campaigns, the methods used to
evaluate political online influence of these
strategies have been fairly rudimentary. During
the 2008 election a comparison of the number
of Facebook friends of Obama and McCain was
used to show the dominance of the Obama cam-
paign in its use of social networking (Owyang,
2008; Rasiej & Sifry, 2008). By 2010, the num-
ber of Twitter followers became an important
measuring stick of online reach, used to show
how GOP candidates used the newest online
tool to help secure major electoral victories
(Calabrese, 2010; Vaccari & Nielsen, 2013).
Some authors have also tried to combine mul-
tiple measures as a more sophisticated way of
determining overall online influence (Franch,
2013). These numerical measurements merely
attempt to quantify how many people may see
a message sent by a campaign, although they
fail even in that respect, because followers
do not account for factors such retweets and
other means of spreading beyond an initial net-
work. Ultimately these rudimentary measures,
although commonly used, proved to be poorly
suited to measure what types of messages are
most effective or how campaign communication
did or did not precipitate political attitudes or
action. In other words, they are unable to real-
istically measure the true online influence of a
particular campaign or individual who utilizes
social media. There is an important distinction
to be made between online popularity, measured
by the number of people who see messages
and posts, and influence, determined by the
actual propagation of content or action taken on
the part of others (Romero, Galuba, Asur, &
Huberman, 2011). As one scholar puts it, “the
temptation has long been to assume that quan-
tity is quality. Calculating numbers of followers
is a useful metric for determining potential audi-
ence reach, but it offers no insights into the
quality of the communications” (Metzgar, 2012,
pp. 3–4).

METHODOLOGY

Using Klout to Measure Online Influence

Online influence is increasingly deemed
important to campaign communication (Serazio,
2014), but is quite difficult to measure. First, it
extends across many platforms; online influence
includes YouTube, Twitter, Facebook, Pinterest,
Tumblr, and Wikipedia, to name just a few.
Moreover, influence within these realms is not
easily measured—it includes not only how many
people are reached with a message, but also how
influential that message is, how many people
forward the message to a second level of influ-
ence, etc. For this reason, academics have not
been very successful in measuring the concept
of online influence. Of the few existing studies
that attempt to tackle the subject of online influ-
ence, most focus on how to determine a more
realistic measure of influence within a particu-
lar social media platform, usually Twitter (Cha
et al., 2010; Bakshy, Hofman, Mason, & Watts,
2011).

Online influence is big business today with a
growing number of companies offering services
designed to measure, increase, and effectively
utilize one’s online social influence. Although
none of these are explicitly political in design,
they can be used to evaluate and potentially
boost political influence online, just as they
could with the influence of an individual or busi-
ness. Among these various companies, Klout
is arguably the most sophisticated and by far
the most popular.1 Klout provides users with a
Klout score—a number from 1–100 that rep-
resents their online influence. A user’s Klout
score is based on three components: true reach
(how many people a user influences), ampli-
fication (how much the user influences them),
and network impact (the influence of the user’s
network) (Edwards, Spence, Gentile, Edwards,
& Edwards, 2013; Klout, 2012a). Thus, a user
whose network consists of other influential users
who respond or share the person’s posts would
have a higher Klout score. This information is
updated on a daily basis, and each morning the
user’s Klout score is changed to reflect that
(Klout, 2012b).

The actual score is determined by an algo-
rithm that takes inputs from hundreds of pieces
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of data, or signals, about a person’s social net-
work activity. On August 15th, 2012, Klout
expanded their model to incorporate information
from over 400 signals, derived from eight dif-
ferent social sites, including Facebook, Twitter,
Google +, LinkedIn, Foursquare, Wikipedia,
Bing, and Klout itself.2 The result of this change
was both a shift and stabilization in Klout score
(see Figure 1 in the next section). With more
data included in the algorithm, the shifts in
Klout scores from day to day are smaller, sug-
gesting that as the Klout score becomes more
robust it is also becoming more consistent, form-
ing more of a trend line of online influence
than a daily spike or drop based on one or two
online actions. Despite this, significant changes
in Klout scores are still possible within short
periods of time. It is important to note that
the data used in this study span that important
change in how the Klout score is generated.3

Klout is making strides regarding the trans-
parency of their methodology, but to date has not
released the details of their algorithm, which is
a concern for those who place a large amount
of faith in its accuracy. 4 For the purposes of
this study, the specifics of the model are less
important than whether the Klout score provides
a stronger measurement of online influence than
other more rudimentary forms of online mea-
surement and whether it can be used to gauge
the effectiveness of online political communica-
tion both during and after political campaigns.
A few benchmarks are very helpful in provid-
ing context for the Klout scores used in this
research. First, the average Klout score after
the shift in August 2012 is 40, with higher
scores becoming increasingly difficult to attain.5

Therefore, there are more scores in the 40s than
there are in the 50s and it is exceptionally rare
to have a score nearing the maximum of 100.6

In addition, the score is based on a rolling 90-
day window of activity weighted toward recent
activity. Thus a day or two of inactivity should
not dramatically hurt a score, but a few posts that
motivated tremendous activity can boost it rela-
tively quickly. Furthermore, the score is affected
by how influential the people you engage are.
This can lead to a multiplier effect as influen-
tial posts are spread by other opinion leaders,
thus increasing the overall online influence of

FIGURE 1. Daily Klout scores for all Republican
presidential candidates during the primary
period (December 2011–August 2012).

a particular user. Finally, the Klout score takes
into account how much content a person cre-
ates compared to the amount of engagement
they generate. In other words, posting less often
but generating consistent activity among one’s
network and beyond is more influential than a
high volume of posts with little action generated.
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For these reasons, we believe Klout scores are
more reliable measures of online influence as
a more general concept than many of the more
rudimentary measures frequently employed by
scholars.

Data Collection

We chose to consider a timeline of over a year
leading up to and directly following the elec-
tion on November 6, 2012. We started collecting
our data on December 9, 2011, and collected
through the last day of 2012. We continued to
collect data beyond Election Day in order to also
take into account residual online influence reg-
istered in Klout scores because of the rolling
90-day window used by the company. These
data include all of the major presidential and
congressional primary contests, as well as the
buildup to and aftermath of the general election.

In order to obtain our data, we gained access
to Klout’s API (Application Programming
Interface), which allows us the ability to retrieve
data directly from Klout as it updates on a daily
basis.7 We chose our campaigns by searching for
all major candidates for federal office who had a
Twitter handle when our data collection began
in early December 2011. As campaigns evolved
and new viable candidates gained a social media
presence, we attempted to update our sample as
accurately as possible in real time. We chose
to include all major party candidates for the
presidency in 2012 in our data collection, and
include them in our analysis to the extent we
are able, although sometimes missing data in
other data sources prevents us from doing so.
Although it was easy to identify all major can-
didates for president at the beginning of our
study, this proved to be more difficult for con-
gressional races. Ultimately this resulted in a
relatively incumbent-heavy sample, and one that
did not include the entire universe of congres-
sional campaigns with Twitter accounts. We col-
lected for both personal and campaign accounts
where appropriate. In this analysis, we use the
official campaign accounts in the cases where
candidates have multiple accounts. Generally
speaking, campaign account Klout scores are
somewhat lower than personal account scores.

Other data used in our presidential analy-
sis are obtained from four major sources. First,

we obtained information on presumed influ-
ence within individual social media platforms
by detailing the number of followers each can-
didate has on Twitter and the number of likes
he or she has on Facebook.8 Each of these was
obtained just before the shift in Klout algo-
rithm in August of 2012, in order to evaluate
Klout during the presidential primaries. Finally,
we chronicled polling data from Pollster.com,
a leader in aggregation of polls. We include at
various times data from both individual state pri-
maries and caucuses, as well as updated national
poll averages by candidate by day to the extent
that they are available throughout our period of
data collection.9

ANALYSIS OF THE PRESIDENTIAL
ELECTION

First, we thought it useful to consider descrip-
tively the trajectory of the Klout scores of
each major party presidential candidate, in order
to show how (and if) Klout scores change
meaningfully over the course of the election.
Daily Klout scores for each candidate vying
for the Republican presidential nomination from
January 1 through the change in Klout algorithm
on August 15, 2012, are shown in Figure 1.
Figure 2 shows the trajectory of the Klout
scores of the two major party nominees follow-
ing the shift in August. This period corresponds
well with the end of the primary period as the
party conventions were set to occur just a few
weeks later. Generally speaking, Klout scores
increased continuously only for the eventual
Republican nominee, Governor Mitt Romney.
This is interesting considering that although
President Obama was the clear nominee for the
Democratic nomination from the beginning of
our timeline, Governor Romney was in serious
dispute at various points throughout the primary
season. However, his social media influence
as captured by his Klout score does not seem
to have suffered even when his primary vote
margins did, and this upward trend continued
through Election Day, after which a victori-
ous President Obama maintained a high level
of Klout, but Romney’s Klout score began to
decrease.
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FIGURE 2. Daily Klout scores by candidate during the general election period (August 2012–
December 2012).

Other candidates followed different paths.
As a general rule, once they had dropped out
of the official running (the point at which the
line turns from dark to gray in Figure 1), their
Klout scores also decreased. For some candi-
dates, including Jon Huntsman, Rick Perry, and
Michelle Bachmann, a rebound in Klout score
was experienced eventually after the low of
dropping out. Newt Gingrich experienced a sig-
nificant decrease throughout the primary period,
prior to when he officially ended his campaign
but after his poll numbers were no longer sug-
gesting he was a viable candidate.

Interestingly, despite the extensive shifts in
polling leaders throughout the primary period,
relative Klout scores remained fairly stable
between candidates throughout the period in
question. Although we suspect the lack of
volatility in the Klout scores is a result of the
rolling 90-day window that Klout uses, it is
still notable that Klout scores may serve as a

more reliable indicator of long-term viability
of candidates than polling, which jumps around
mightily.10 Throughout our collection, President
Obama consistently led in Klout score over all
Republican candidates for president. Governor
Romney was a consistent second, other than
Herman Cain, who briefly held that posi-
tion before his campaign plummeted during
December 2011. Rick Santorum nearly bested
Romney during his April surge, and Santorum
and Ron Paul were a close third for most of
the contest. Newt Gingrich and Jon Huntsman
were close behind, with Michelle Bachmann and
then Rick Perry in last in terms of Klout for the
bulk of the primary period. Once it became clear
that Romney was the presumptive candidate, all
others in the field saw a precipitous decline in
Klout. All candidates’ Klout scores decreased
from the first month to the last month of our
sample, with three exceptions: Barack Obama,
Mitt Romney, and Rick Santorum. This suggests
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TABLE 1. Comparing Klout Scores to Other
Social Media Metrics Using Correlations

Correlation with Klout

Twitter followers 0.58∗
Facebook likes 0.62∗

∗Significant at p < .10

that Klout scores are at least roughly indicative
of overall success in the political realm, given
that those three men did the best in the primary
period.

We were also interested in how Klout scores
compared to other social media metrics dur-
ing the primary season. This helps us to know
to what extent Klout does better in measur-
ing online influence, as compared to more par-
simonious measures such as Facebook likes
or Twitter follows. To examine this, we per-
formed simple correlations between Klout aver-
ages throughout our time period and the mea-
sures of Twitter followers and Facebook likes.
Correlations are shown in Table 1.

Generally speaking, it appears that Klout
scores vary most strongly with Facebook likes.
This is particularly interesting given that Klout
originally considered only Twitter information
in its measure (although now it considers a
wealth of social media data, including that from
Facebook).

We also compared Klout scores to pub-
lic opinion data, using nearly daily poll aver-
ages available from Pollster.com. Unfortunately,
Pollster.com provides data only for the four
candidates that stayed in the running for the
Republican nomination the longest—Romney,
Santorum, Paul, and Gingrich—and so we can
only compare Klout scores to public opinion
for those four candidates. If Klout was mov-
ing in accordance with public opinion polls,
this might suggest that Klout is just a more
complicated and less transparent measure of
public opinion, and therefore not a very helpful
metric.

The four graphs showing each candidate’s
Klout score and public opinion polling over
the course of the primary season are shown
in Figure 3; solid lines indicate Klout scores
and dashed lines indicate public opinion polling
numbers. As can be seen in each graph, there

are not strong patterns evident to the naked
eye. To some extent the trend lines seem to
go together for most candidates, but because
both measures are essentially averages (Pollster
aggregating a number of polls and smoothing
them, and Klout using the past 90 days of infor-
mation to generate its scores), its trends are
devoid of the jumps we might expect to see
in response to major campaign events. Those
are the sort of events that might help point
out whether Klout scores actually co-vary with
public opinion polling, as well as whether one
precedes the other.

The updated Klout algorithm, corresponding
with the general election period, produced some
notably different trend lines (see Figure 2). Most
obviously, the two lines are relatively static dur-
ing the period. The only notable change occurs
after Election Day, at which point Romney’s
Klout score begins to drop off. Recall Barack
Obama won the popular vote by four points
over Mitt Romney, 51% to 47%. In the Klout
race, Obama won as well with a Klout score
of 98.97 on Election Day, the highest of any
individual account on Klout, compared to Mitt
Romney’s score of 92.09. However this nearly
seven-point separation in Klout score repre-
sented a monumental lead in online influ-
ence because, as mentioned earlier, it becomes
increasingly difficult to raise your Klout score
the higher it gets. A comparison of the most
influential moments for each campaign is illus-
trative of this phenomenon. Beyond the Klout
score, Klout also provides information about
the level of online influence of each post on
social media. During the period of analysis,
the most influential social media post sent by
Mitt Romney was a tweet posted four days
after the election, reading: “From the bottom
of our hearts, Ann and I thank you for your
support, prayers, efforts, & vote. We are for-
ever grateful to every one of you.” This tweet
engaged over 13,000 people. Barack Obama, by
comparison, sent out a tweet on election night
including a picture of the president and Michelle
Obama hugging that read “Four more years.”
Over 750,000 people commented on, edited, or
forwarded the tweet, over 50 times as many peo-
ple engaged by social media as Romney’s best
effort—the very definition of a blowout in the
presidential battle for online influence.

D
ow

nl
oa

de
d 

by
 [

G
eo

rg
et

ow
n 

U
ni

ve
rs

ity
] 

at
 0

8:
23

 2
2 

A
ug

us
t 2

01
5 



Bode and Epstein 141

FIGURE 3. Klout scores and public opinion by candidate.
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Note. Solid lines indicate Klout scores; dashed lines indicate Pollster public opinion scores.

Analysis of House and Senate Races

Descriptive Statistics and Correlations

Turning our attention toward Congress, we
immediately noted how different the Klout
scores appeared. The majority of cases were
candidates for the House of Representatives
and the average Election Day Klout score for
these 305 cases was 63.34.11 We broke these
cases down further to consider whether Klout
scores vary by important member character-
istics. Klout scores offer further support for
the often repeated claims of Democratic dom-
inance in online campaigning during recent
years. Democrats running for House seats aver-
aged a Klout score of 64.92 on Election Day,
over two points higher than the 62.24 aver-
aged by Republican candidates. Regardless of
party, the Klout scores correlated positively
with the seniority of the candidate. It is not

surprising that longtime members of Congress
have substantial influence, but it is notable that
they have innovated their campaigns in order
to extend this influence to the online realm.
Outside of seniority, the two parties’ average
Klout scores on Election Day had statistically
significant correlations with different factors
(see Table 2). Klout scores for Democrats cor-
related positively with the partisan leaning of
the district as measured by the percentage of
voters who voted for Obama. Most surprisingly,
Democratic Klout scores had a statistically sig-
nificant negative correlation with the percentage
of a district less than 20 years old. Thus, the
more young people in a district the lower the
Klout score. There may be many causes for this
result but it seems clear that young Americans
were not an important motivator for exerting
online influence for House candidates. Other
than candidate seniority, GOP campaigns’ only
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TABLE 2. Correlations Between Average House Campaign Klout Score on Election Day by Party
and Various Campaign/Candidate/District Characteristics

Pearson Coef.
Seniority
(in years)

Percent of
District Vote
for Obama

Percent of District
under 20 Years

Old
Total Money Raised
(1/1/11–12/31/12)

Democratic Campaign Corr. Coef. .187∗ .230∗ −.257∗∗ .049
Avg. Klout Score on Sig. .039 .014 .005 .590
Election Day N 122 113 120 122

Republican Campaign Corr. Coef. .155∗ .095 −.004 .257∗∗∗
Avg. Klout Score on Sig. .036 .205 .957 .000
Election Day N 182 180 180 181

∗∗∗correlation is significant at the .001 level (2-tailed)
∗∗correlation is significant at the .01 level (2-tailed)
∗correlation is significant at the .05 level (2-tailed)

statistically significant correlation was with the
total money raised, suggesting that Republican
Klout scores were much closer to traditional
measures of campaign success such as fund-
raising totals.

The difference in Klout scores between par-
ties was actually much smaller than the differ-
ence between incumbents and their challengers.
Incumbents averaged a Klout score of 62.04 on
Election Day (and a peak of 65.85), while chal-
lengers averaged over four points more, with an
Election Day average of 66.53 (and a peak aver-
age of 70.15). Incumbents, despite all of their
advantages (or perhaps because of them), had
markedly lower online influence than those who
sought to unseat them.12

Multivariate Analysis

We were further interested in considering
whether Klout scores could be predictive in a
traditional electoral context—does online influ-
ence play a role above and beyond other fac-
tors related to electoral success? If we believe
Klout is measuring online influence, and that
online influence is a meaningful element of
modern campaigns, Klout scores should signifi-
cantly predict electoral success. Given the small
number of candidates for president, it was not
practical to do a large-scale quantitative analysis
using presidential primary candidates (even in
the well-populated 2012 field). Thus, we use the
sample of congressional candidates to consider
the impact of Klout on election outcomes.

In these analyses, we emphasize different
model specifications as robustness tests. First,
we originally considered both candidates for
House (Table 3) and for Senate. However, given
the small number of Senate candidates in 2010
(roughly 40 in our sample), we dropped the
Senate analysis for lack of power. We also con-
sider two outcome variables of interest: both
vote margin received as well as whether the
candidate won or lost.13 Finally, we consider
three different specifications of our key indepen-
dent variable, considering online influence using
Klout scores. We test a measure of Klout using
a candidate’s average Klout score over the elec-
toral period, the maximum Klout score he or she
achieved over that period, and the Klout score
he or she logged on Election Day (November 6,
2012). Because this is an exploratory research
project, it is worthwhile to consider alternative
specifications of our key variable. Results of
these analyses are shown in Table 3.

Notably, the variables reflecting online influ-
ence in the set of models measuring electoral
outcomes for House candidates do very well.
Two of the three specifications of our variable
of interest are significant when considering both
vote margin gained as well as whether the candi-
date won or lost. The most consistent predictor
is the average Klout score over the entire period,
which positively predicts both vote margins and
electoral success. For this reason, we suggest
use of the average Klout score over a relevant
period of time to researchers interested in online
influence.
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TABLE 3. Predicting House Candidate Outcomes

Outcome: Vote Margins Outcome: Win/Loss

Model 1 Model 2 Model 3 Model 4 Model 5 Model 6

Incumbent −13.54 −13.57 −13.84 −21.80 −21.80 −21.96
(11.86) (11.87) (11.83) (40192.88) (40192.92) (40192.99)

Party −2.91 −2.95 −2.99 −2.51∗∗ −2.51∗∗ −2.46∗∗
(2.37) (2.37) (2.36) (1.11) (1.10) (1.10)

Seniority 0.12 0.12 0.12 0.12∗∗ 0.12∗∗ 0.12∗∗
(0.10) (0.10) (0.10) (0.06) 0.06) 0.06

Age 0.10 0.09 0.09 −0.03 −0.03 −0.03
(0.09) (0.09) (0.09) (0.04) (0.04) (0.04)

Leadership 15.05∗∗ 15.23∗∗ 15.03∗∗ 18.57 18.60 18.61
(1.19) (5.12) (5.11) (15,399.56) (15,433.60) (15,465.87)

Gender 1.19 1.23 1.33 −0.49 −0.47 −0.44
(2.04) (2.04) (2.04) (0.73) (0.73) (0.73)

Race 1.42 1.44 1.24 1.62 1.62 1.62
(1.38) (1.38) (1.39) (1.02) (1.02) (1.04)

Money −0.08∗∗ −0.08∗∗ −0.08∗∗ −0.02∗∗ −0.02∗∗ −0.02∗∗
(0.03) (0.03) (0.03) (0.01) 0.01 (0.01)

Obama vote 0.01 0.01 0.01 −0.12∗∗ −0.12∗∗ −0.12∗∗
(0.08) (0.08) (0.08) (0.03) 0.03 (0.03)

% under 20 −0.07 −0.07 −0.09 −0.03 −0.03 −0.03
(0.24) (0.24) (0.24) (0.09) (0.09) (0.09)

Median H. 0.01∗∗ 0.01∗∗ 0.01∗∗ 0.01 0.01 0.01
Income (0.01) (0.01) (0.01) (0.02) (0.02) (0.02)
Klout average 0.11∗ — — 0.04∗ — —

(0.07) (0.03)
Klout max — 0.10 — — 0.04∗ —

(0.06) (0.02)
Election Day Klout — — 0.13∗∗ — — 0.04

(0.07) 0.03
R2 0.19 0.19 0.19 0.32 0.32 0.32
N 256 256 255 256 256 255

Models for vote margins outcomes are OLS; those for win/loss are logistic regression. Beta coefficients reported with SE
in parentheses. ∗∗p < .05 ∗p < .10

In addition, the Klout score on Election Day
predicts vote margins, and the maximum Klout
score predicts a candidate winning. It makes
sense that the Election Day Klout score might
most accurately predict vote margins, given that
it is the closest in time to the point at which
people are actually going to the polls. The maxi-
mum Klout score, on the other hand, might be
thought of as a measure of underlying online
influence, or even potential online influence,
thus predicting a candidate’s eventual success
or failure. Importantly, the coefficients across
all three specifications are very similar, suggest-
ing that they are essentially measuring the same
concept.

Other “usual suspects,” including seniority
and fund-raising, play a significant role in the

model, reassuring us that Klout is having an
effect above and beyond these more traditional
variables of electoral success. Additionally, in
each case the addition of the Klout variable sig-
nificantly increases the explanatory power of
the model (p < .001), increasing the R2 by an
average of one point.

CONCLUSIONS

At the most fundamental level, this study
attempted to evaluate the extent to which it
is possible to use Klout to measure online
influence of political campaigns in real time.
It is obvious that Klout is a much more
sophisticated measurement of online presence
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and influence than the rudimentary measures
available previously, such as Facebook likes or
retweets on Twitter. In addition, it offers an easy
way to track changes in online influence over
time, because it is updated daily.

Our analysis of Klout during the 2012 con-
gressional and presidential campaigns offered
several important takeaways. During the presi-
dential primary campaign Klout data proved to
be much more stable than polling data. Although
polling data is likely to be a better predictor of
electoral success, Klout data can provide a better
picture of how influential a campaign’s message
is at various levels of popular support, as well as
a clearer understanding of the effect of a cam-
paign on a candidate’s long-term online influ-
ence. As various Republican challengers faded
from contention, their Klout scores dropped but
eventually started to settle around a new post-
campaign status quo. Perhaps more useful was
the comparison of presidential campaigns dur-
ing the general election.14 Although Obama won
the election over Romney by four points, 51%
to 47%, he trounced Romney in the online influ-
ence battle. By any account, Romney’s Election
Day Klout score of 92 was extremely high, but
it paled in comparison to Obama’s 99. Because
the Klout score is based on a logarithmic scale
(rather than a linear scale such as voting mar-
gins), the seven-point advantage meant an enor-
mous difference in online influence. This was
illustrated most clearly by the fact that the most
influential piece of social media content sent
by the Obama campaign engaged over 50 times
as many people as the most influential social
media content sent by the Romney campaign.
Moreover, although most Klout scores move
considerably both up and down over the course
of the campaign, Obama’s Klout score only
rises during the primary period, and plateaus
for the general election campaign, never falling
(Figure 2). We believe this suggests that some
of the most useful applications of the Klout
score for campaign research may be in the direct
comparison of competing campaigns.

Our findings regarding congressional races
suggest that online influence was measurably
different based on type of race, party, and
incumbency status. We find that Senate cam-
paigns are generally more influential than House

campaigns, which is to be expected with the
larger population targeted in statewide races.
Klout data also confirms the widely held claim
that Democratic campaigns held a technological
advantage over their Republican counterparts
in 2012, because Democratic campaigns were
more influential in both Senate and House races.
A very interesting finding, and one worth explor-
ing further, was that incumbency mattered, but
in less consistent ways. Senatorial incumbents
held a decisive lead over Senate challengers,
while the opposite was true for House races.
This could be due to the size of the target audi-
ence, or the fact that Senate incumbents have
much greater national recognition and influ-
ence than do House members. More research is
needed in this area.

Multivariate analysis of House races provides
an added level of sophistication available with
Klout data. There was little difference between
the average, high, and Election Day Klout scores
in terms of their predictive capabilities. The
most consistent predictor is the average Klout
score, which positively predicts both vote mar-
gins and electoral success. Although Election
Day Klout scores likely offer the best predictive
value for the actual voting margin, the average
score is the most consistent, and the maxi-
mum score offers the greatest glimpse into the
likelihood of electoral success. Although more
research is needed, initial indications show that
the Klout score can be used to predict differ-
ent aspects of electoral outcomes when used
in different ways. Furthermore, other traditional
factors, such as seniority and money raised,
play a significant role in our model, supporting
the argument that online influence is having an
effect above and beyond these more traditional
variables of electoral success.

Generally, Klout proved to be a useful metric
to measure the online influence of political cam-
paigns. It is easily accessible and seems to work
as a reasonable proxy for other harder-to-get
data, including a wealth of social media met-
rics or other Web metrics that often help drive
campaign strategy. In addition, the stability of
Klout scores may serve as a particularly strong
proxy for public opinion polls over a longer
period of time. Klout scores provide the oppor-
tunity to externally evaluate the effectiveness of
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online campaign communication strategy, and
compare the online influence of competing cam-
paigns during a campaign as opposed to simply
connecting the dots after each election.

There are, however, some very important
challenges that Klout poses to scholars want-
ing to use them as a reliable measurement tool.
First and foremost the algorithm used to deter-
mine the Klout scores is not publicly known.
This lack of transparency leaves a measure of
doubt as to how accurate and reliable the Klout
scores are, particularly for the specific needs
of political communication scholars. This lack
of transparency also makes it difficult to draw
concrete conclusions about what, exactly, is
being reflected in the Klout score. Because of
this, we cannot say definitively that Klout is
measuring online influence and not something
broader such as the intensity of the campaign,
or simply media mentions.15 Besides the fact
that Klout does not make its score model pub-
lic knowledge, the model is changed regularly
to incorporate more signals from more sites.
Although Klout is very clear about when and
why it makes updates to the model, and gener-
ally these changes strengthen the metric overall,
it still poses a challenge to using it as a long-term
comparative tool because scores from before an
algorithm update do not necessarily correlate
perfectly with scores after. For example, after
the August update, we saw scores for the presi-
dential candidates in our sample jump fairly dra-
matically: an average of 19 points and as much
as 39 points for a single candidate. Moreover,
because of the 90-day moving average, there is
now no evidence of this jump within Klout itself.
This highlights the importance of collecting data
in real time, rather than retroactively.

This study offers substantial promise for
future research. First, this study demonstrates
the potential impact of collecting and analyz-
ing large data sets that detail real-time changes
in political communication and online influence.
This study demonstrates that it is now possi-
ble to measure the effect of specific events and
communication efforts in the course of a par-
ticular campaign, election, or event. We hope
to conduct similar analyses during future cam-
paigns, which will offer the opportunity to
observe notable trends in online influence over

the course of a number of election cycles. Real-
time analysis of online political communication
could become particularly useful as online cam-
paigns become more sophisticated and more
integrated into general campaigns at all levels.
This window into the real-time online influence
of political campaigns is a clear breakthrough
for those looking to study the process of online
communication strategies while it is occurring.

Finally, our findings suggest that online influ-
ence itself is a valuable concept that deserves
much more attention from political communica-
tion scholars in the future. The ongoing shift of
political communication strategies to the digital
interactive environment, most notably through
the use of social media and blogs, begs for
thoughtful analysis. A continually evolving set
of measurement tools, including but not limited
to Klout, offers opportunities to measure online
influence within the political context in a way
that was never possible before. However, more
investigation is warranted as to the practical-
ity of using these new metrics as proxies for
traditional measures of campaign success.
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NOTES

1. As of October 13, 2014, Klout.com ranked as the
868nd most popular Internet site in America, and 1519th
globally.

2. The Klout algorithm used prior to August 15,
2012, utilized just over 100 signals from five differ-
ent sites and did not include information from Klout or
Wikipedia.

3. We indicate throughout which time period of data
we are pulling from. All data presented in this paper and
all details of Klout scores presented in this paper are based
on the more recent score model, unless otherwise noted.

4. Although we consider this an important limitation,
research should not shy away from using proprietary data
only because of its lack of openness. Valuable insight can
still be gained by studying these types of data (Weaver &
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Bimber [2008] and Lazer, Kennedy, King, & Vespignani
[2014] are good examples of this). One potential solution
to this “black box” problem would be the use of Kred,
an alternative online influence measurement tool, and one
of the only sites that promises full transparency, offering
its algorithm to the public. Kred was launched in 2011 and
didn’t gain much traction until the end of the study period.
It remains much less popular than Klout, ranking approx-
imately 26,000th in America and 32,000th globally as
of June 28, 2014. Regardless, it may offer advantages
of a more transparent source of data for future research
regarding online influence.

5. The average Klout score prior to the adjustment in
August 2012 was 20.

6. President Obama’s Klout score of 98.97 on
Election Day, detailed later in this study, was the highest
Klout score recorded on that day.

7. To do so we established a Google Document that
utilized a formula calling Klout’s API, and updated it on
a daily basis for nearly 13 months. We have full data for
each day with two exceptions: January 20 and February
18, 2012. We have no reason to believe there is anything
systematically different about those particular instances
of missing data.

8. We considered alternative measures for
Facebook—including fans and friends—but “likes”
became the most relevant measure once they were
integrated into business and fan pages.

9. All Pollster data are publicly available from http:/
/elections.huffingtonpost.com/pollster/2012-general-
election-romney-vs-obama. For more information on
Pollster’s aggregation methods, see http://www.pollster.
com/pollster-faq/#3.

10. This stability was only more pronounced after the
Klout model became more sophisticated in August.

11. The Election Day Klout average was notably
lower than the maximum score for House candidates,
which averaged 67.08 after Klout changed their algo-
rithm. This suggests that Klout scores did not simply
increase leading up to the climax on Election Day but
required maintenance—continued social media activity—
for campaigns to maintain or increase online influence
throughout the campaign period.

12. These analyses were repeated with Senate races,
although with a much smaller number of races, differ-
ences are generally not significant and are not reported
due to space. Senate Klout scores were positively corre-
lated with money raised, and incumbents had much higher
Klout scores than did challengers.

13. Note again that we had a sample skewed toward
winners: 88.1% of our sample won the general election.

14. It is worth noting that the Klout scores used in the
primaries and those used in the general election are from
different algorithms, that is, Klout changed the way they
determined scores between the first and second periods
we consider.

15. We do limit other possible explanations by point-
ing out that Klout has an impact above and beyond that
of other typical campaign variables, including campaign
resources and public opinion polls.
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